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Problem

1. Most 3D human pose estimation methods train on real images with 2D keypoints and/or 
3D pseudo ground-truth. 

2. This helps with robustness and generalization.
3. Methods trained on such data exhibit good image alignment but poor 3D accuracy.

Resources
Project Page

https://tokenhmr.is.tue.mpg.de

TALS Loss

Analysis-I

Keeping 2D alignment,

how much can 3D vary?
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Code

https://github.com/saidwivedi/TokenHMR

Without drop in 
3D accuracy

Proposal

Generalizes 
in-the-wild

TokenHMR

Need for Tokenization

Problem: With TALS loose fitting, predicting 3D from 2D becomes more ambiguous, 
hence we need an unbiased prior of valid poses. 

Biased towards frequently occurring poses Codebook of Valid Poses

Observations

● TALS loss: Avoid overfitting 
to 2D keypoints and 3D 
pseudo-GT

● Tokenization: Unbiased prior 
of valid poses.

Overall Architecture Key Ideas

https://tokenhmr.is.tue.mpg.de
https://github.com/saidwivedi/TokenHMR

