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Expressive Body Capture: 3D Hands, Face, and Body from a Single Image
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* To understand human behavior we need to capture
more than the major body joints; we need:

— a realistic bOdy, SMPL[3] SMPL+H[2] Frank [5]
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— an expressive face, X X )

— articulated hands. X / /
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* No existing model captures all above factors.

Expressive Body Capture from a single RGB image

1. Create SMPL-X, a more expressive human model.
2. Fit SMPL-Xto the RGB image using:

a) Data term with 2D joints from OpenPose [6].
b) Automatic gender detection.

c) New data-driven DNN pose prior.
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- Richer modeling power results in lower errors. The holistic model performs better than part-based models.

Joint shape space for body, face and hands.
Hand pose space of MANO [2]
Expression space of FLAME [4].

— Separate female, male and neutral models.

EHF Dataset

Expressive Hands and Faces:

. Pseuglo ground-truth
< RGB images

Ablative study
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